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Abstract

In this study, we implicitly solve the generalized distributed-order time-fractional Black-Scholes equation. We

employ finite differences to approximate the time derivatives and cubic B-spline quasi-interpolation for the spatial
derivatives. The error analysis of the presented method is investigated. The algorithm of this method is also

presented, which shows the simplicity of implementing the method to solve the generalized distributed-order time-

fractional Black-Scholes equation. Numerical results demonstrate the method’s convergence rate and accuracy.
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1. Introduction

The Black-Scholes equation is a fundamental partial differential equation in financial mathematics, used to model
the dynamics of financial derivatives, particularly options. Developed by Fischer Black, Myron Scholes, and Robert
Merton in 1973, the equation provides a theoretical estimate of the price of European-style options [2, 9].

The Black-Scholes model assumes a frictionless market and uses the concept of risk-neutral pricing. The key insight
is that one can hedge an option by continuously buying and selling the underlying asset to eliminate risk, leading to
a unique price for the option [2]. The equation is given by

∂V

∂t
+

1

2
σ2S2 ∂

2V

∂S2
+ rS

∂V

∂S
− rV = 0, (1.1)

where V is the option price, S is the underlying asset price, t is time, σ is the volatility of the asset, and r is the
risk-free interest rate.

The Black-Scholes formula, derived from this equation, has become a cornerstone in the field of financial engineering
and is widely used for pricing options and other derivatives [6].

The time fractional Black-Scholes equation is an extension of the classical Black-Scholes model, incorporating
fractional calculus to better capture the complexities of financial markets. This model was first introduced by Wyss
in 2000, who applied the concept of fractals to financial modeling [13]. The time fractional Black-Scholes equation is
particularly useful for modeling markets with memory and hereditary properties, which are not adequately addressed
by the traditional Black-Scholes model [7].

The equation is given by

∂αV
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σ2S2 ∂

2V

∂S2
+ rS

∂V

∂S
− rV = 0,

where 0 < α ≤ 1 represents the order of the fractional derivative.
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This fractional model provides a more accurate representation of market behaviors, capturing both major jumps
over short periods and long-range dependencies [12]. It has been the subject of extensive research, leading to various
numerical methods for its solution [7].

The distributed-order time-fractional derivative is a generalization of the fractional derivative concept, where the
order of differentiation is distributed over a range of values rather than being fixed. This approach allows for a
more flexible and accurate modeling of complex systems that exhibit behaviors influenced by multiple time scales and
memory effects [5, 8].

Mathematically, the distributed-order time-fractional derivative is defined as

D
(µ)
t f(t) =

∫ 1

0

µ(α)
∂αf(t)

∂tα
dα,

where µ(α) is a weight function that determines the contribution of each fractional order α within the interval [0, 1]
[11]. This derivative is particularly useful in fields such as viscoelasticity, anomalous diffusion, and control theory,
where systems exhibit a combination of local and nonlocal behaviors [3, 5].

The distributed-order time-fractional derivative has been applied to various types of differential equations, enhancing
their ability to model real-world phenomena more accurately. For instance, it has been used in the study of ultra-
slow diffusion processes and in the development of more robust numerical methods for solving fractional differential
equations [8, 11].

In this paper, we examine the nonlinear generalized distributed-order time-fractional Black-Scholes equation, which
models the price of the European double barrier option [14].

∂u(x, t)

∂t
+ ρ

w∂∗u(x, t)

∂t
− a

∂2u(x, t)

∂x2
+ b

∂u(x, t)

∂x
+ c = f(x, t), x ∈ (xl, xr), t ∈ (0, T ], (1.2)

with the initial condition

u(x, 0) = ψ(x), xl ≤ x ≤ xr, (1.3)

and homogeneous Dirichlet boundary conditions

u(xl, t) = u(xr, t) = 0, 0 < t ≤ T, (1.4)

where x = Ln(S), V (S, T − t) = u(x, t), the parameter ρ ≥ 0 balances integer-order and distributed-order time

derivatives, a = σ2

2 , b = a − r, c = r. Here, r ≥ 0 is the risk-free rate and σ ≥ 0 is the volatility. f ∈ C[xl, xr] ×
C[0, T ] and ψ ∈ C2[xl, xr] are considered as known functions. Here, w∂∗/∂t denotes the generalized distributed-order
differential operator which is defined as follow

w∂∗u(x, t)

∂t
=

∫ αr

αl

w(α, x, t)∂αt u(x, t)dα, (1.5)

where ∂αt u(x, t) =
1

Γ(1−α)

∫ t

0
1

(t−s)α
∂u(x,s)

∂s ds and w(α, x, t) is known density function.

The rest of the paper is organized as follow: In the second section, we present a temporal discrete scheme for Equa-
tion (1.2) using the finite difference method. Then we use cubic spline quasi-interpolation for spatial approximation.
The error analysis of the presented method is investigated in section 3. In the forth section,the numerical results are
shown. Some conclusions are given at the end of the paper in section 5.

2. Numerical scheme

Let tn = n∆t, n = 0, 1, . . . , Nt, ∆t =
T
Nt

, tn+θ = (n + θ)∆t = tn + θ∆t, and αk = αl + k∆α, k = 0, 1, . . . , Nα,

∆α = αr−αl

Nα
. Also, assume that wn

k = w(αk, x, tn) and u
n = u(x, tn). Using the trapezoidal integration method, we

have

w∂∗t u
n =

∆α

2

(
wn

0 ∂
α0
t un + 2

Nα−1∑
k=1

wn
k∂

αk
t un + wn

Nα
∂
αNα
t un

)
+O((∆α)2). (2.1)
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For approximation the fractional derivatives we use following L1 method

∂αt u
n =

(
ui+1 − ui

)
Jα
i,n +O(∆t), (2.2)

where Jα
i,n =

∫ ti+1

ti
(tn − s)

−α
ds. By substituting (2.2) in (2.1) we obtain

w∂∗t u
n =

∆α

2∆t

n−1∑
i=0

(ui+1 − ui)Xn
i +O((∆α)2 + (∆α)(∆t)), (2.3)

where Xn
i (x) = νni,0(x) + 2

Nα−1∑
k=1

νni,k(x) + νni,Nα
(x) and νni,k(x) =

wn
k (x)J

αk
i,n

Γ(1−αk)
. By putting t = tn+1/2 in (1.2) and using

Crank–Nicolson method we get

un+1 − un +
ρ∆t

2

(
w∂∗t u

n+1 + w∂∗t u
n
)
− a∆t

2

(
un+1
xx + unxx

)
+
b∆t

2

(
un+1
x + unx

)
+ c∆t+O((∆t)2) = ∆tf(x, tn+ 1

2
), (2.4)

Putting (2.3) in (2.4) gives the result

Qnun+1 − a∆t

2
un+1
xx +

b∆t

2
un+1
x = Rn +O((∆α)2(∆t) + (∆α)(∆t)2 + (∆t)2), (2.5)

where

Qn = 1 +
ρ∆α

4
Xn+1

n , (2.6)

Rn = Qnun +
a∆t

2
unxx − b∆t

2
unx − ρ∆α

4

n−1∑
i=0

V n
i (ui+1 − ui)− c∆t+∆tf(x, tn+ 1

2
), (2.7)

V n
i = Xn+1

i +Xn
i . (2.8)

Therefore we will have the following numerical scheme

QnUn+1 − a∆t

2
Un+1
xx +

b∆t

2
Un+1
x = Rhn, (2.9)

where Un and Rhn denoted the approximations of un and Rn in (x, tn), respectively. For spatial approximation, we
use cubic spline quasi-interpolation [1]. Let W = {x0, x1, . . . , xNx

} be a uniform partition of interval [xl, xr], where
x0 = xl, xNx = xr and xm+1 − xm = ∆x, m = 0, 1, . . . , Nx. Also, let S4(W ) be the space of cubic splines on

W ∗ = {x−3, x−2, x−1, x0, x1, . . . , xNx
, xNx+1, xNx+2, xNx+3},

where x−3 = x−2 = x−1 = x0 and xNx = xNx+1 = xNx+2 = xNx+3. The corresponding set of cubic B-splines
{B−3, B−2 . . . , BNx−1}, where is a basis for S4(W ), are defined using the recursive relation [4],

Bj,p(x) =
x− xj

xj+p − xj
Bj,p−1(x) +

xj+p+1 − x

xj+p+1 − xj+1
Bj+1,p−1(x), (2.10)

where Bj,0(x) = δ[xj , xj+1), j = −1, 0, . . . , Nx − 1 and p = 3, and under the convention that fractions with zero
denominator have value zero. It is notably that a B-spline is right continuous, i.e., the value at a point x is obtained
by taking the limit from the right. The univariate cubic spline quasi-interpolants can be defined as operators of the
form [1]

(ΘUn)(ι)(x) =

Nx+1∑
j=1

µj(U
n)B

(ι)
j−3(x), (2.11)
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where ι = 0, 1, 2 refer to ιth derivative of functions and

µ1(U
n) =

1

18
(18Un

1 − 9Un
2 + 2Un

3 ), µ2(U
n) =

1

6
(8Un

1 − Un
2 ),

µj(U
n) =

1

6
(−Un

j−2 + 8Un
j−1 − Un

j ), j = 3, 4, . . . , Nx − 1,

µNx(U
n) =

1

6
(−Un

Nx−2 + 8Un
Nx−1), µNx+1(U

n) =
1

18
(2Un

Nx−3 − 9Un
Nx−2 + 18Un

Nx−1),

where Un
m = Un(xm). We know from [4] that

∥∥(ΘUn)(ι) − (Un)(ι)
∥∥
∞ = O

(
(∆x)(4−ι)

)
for ι = 0, 1, 2. By substituting

(2.11) as approximation in (2.9) we obtain the following system of linear equations

AnUn+1 = Rn, (2.12)

where Un = (Un
1 , U

n
2 , . . . , U

n
Nx−1)

T , Rn = (Rhn1 , Rh
n
2 , . . . , Rh

n
Nx−1)

T , (An)m,j = (Πn
j (xm)), j,m = 1, 2, . . . , Nx − 1,

and

Πn
1 (x) = Λn

1 (x) +
8

6
Λn
2 (x)−

1

6
Λn
3 (x),

Πn
2 (x) = −1

2
Λn
1 (x)−

1

6
Λn
2 (x) +

8

6
Λn
3 (x)−

1

6
Λn
4 (x),

Πn
3 (x) =

1

9
Λn
1 (x)−

1

6
Λn
3 (x) +

8

6
Λn
4 (x)−

1

6
Λn
5 (x),

Πn
j (x) = −1

6
Λn
j (x) +

8

6
Λn
j+1(x)−

1

6
Λn
j+2(x), j = 4, 5, . . . , Nx − 4,

Πn
Nx−3(x) = −1

6
Λn
Nx−3(x) +

8

6
Λn
Nx−2(x)−

1

6
Λn
Nx−1(x) +

1

9
Λn
Nx+1(x),

Πn
Nx−2(x) = −1

6
Λn
Nx−2(x) +

8

6
Λn
Nx−1(x)−

1

6
Λn
Nx

(x)− 1

2
Λn
Nx+1(x),

Πn
Nx−1(x) = −1

6
Λn
Nx−1(x) +

8

6
Λn
Nx

(x) + Λn
Nx+1(x),

where Rhnm is obtained by substituting U i
m instead of uim in Rn(xm), and

Λn
j (x) = Qn(x)Bj−3(x) +

b∆t

2
B′

j−3(x)−
a∆t

2
B′′

j−3(x).

The values of B
(ι)
j (xm) for ι = 0, 1, 2 can be obtained from (2.10) as follows

B =
1

12



12
3 7 2

2 4 2

. . .
. . .

. . .

2 4 2
2 7 3

12


,

B′ =
1

4∆x



−12 12
−3 1 2

−2 0 2

. . .
. . .

. . .

−2 0 2
−2 −1 3

−12 12


,
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B′′ =
1

2(∆x)2



12 −18 6
3 −5 2

2 −4 2

. . .
. . .

. . .

2 −4 2
2 −5 3

6 −18 12


,

where

(B)m+1,j+4 = Bj(xm), (B′)m+1,j+4 = B′
j(xm), (B′′)m+1,j+4 = B′′

j(xm),

m = 0, 1, . . . , Nx, and j = −3,−2, . . . , Nx − 1.

The algorithm for implementation of the presented method is given in Algorithm 1.

Algorithm 1 Numerical solution of problem (1.2)–(1.4) using presented method.

input f , w, xl, xr, αl, αr, σ, r, ψ, ρ, Nt, Nx, Nα, T , and compute ∆x, ∆α, ∆t, a, b, c, ψ′, ψ′′ and x, t, α as vectors
in their domains.
Initialize the first columns of U , Ux and Uxx matrices using ψ, ψ′ and ψ′′ functions,
for n = 0 to Nt − 1 do
for m = 1 to Nx − 1 do
Q(m) = Qn(xm) from (2.6),
V (i,m) = V n

i (xm) from (2.8),
R(m, 1) = Rn(xm) from (2.7),
for j = 1 to Nx − 1 do
A(m, j) = Πn

j (xm) witch is computed using B, B′, B′′, Λn
j (xm) and definitions of Πn

j (xm)s,
end for

end for
solve the linear system AUtemp = R,
Put Utemp as the (n+ 2)th column of matrix U ,
Calculate (n+ 2)th columns of Ux and Uxx matrices using (2.11).

end for

3. Error analysis

Lemma 3.1. Let |w(x, t, α)| < w∗ the for j = 1, 2, . . . , Nx + 1, i = 0, 1, . . . , n− 1 and n = 1, 2, . . . , Nt we have

∣∣Πn
j (x)

∣∣ ≤ 13

6
+

13

18
ρw∗(∆t)(1−αNα ) +

15b∆t

4∆x
+

171a∆t

12(∆x)
2 ,

|V n
i | ≤ 6w∗(∆t)

(1−αNα )

∆α
.

Proof. According to definition of B, B′, and B′′ we obtain

∣∣Λn
j

∣∣ ≤ |Qn|+ 3b∆t

2∆x
+

9a∆t

2(∆x)
2 . (3.1)
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Therefore, according to the definition of Πn
j (x)s we can conclude that



|Πn
1 | ≤ 5

2 |Q
n|+ 15b∆t

4∆x + 45a∆t
4(∆x)2

, |Πn
2 | ≤ 13

6 |Qn|+ 39b∆t
12∆x + 171a∆t

12(∆x)2
,

|Πn
3 | ≤ 16

9 |Qn|+ 48b∆t
18∆x + 144a∆t

18(∆x)2
,∣∣Πn

j

∣∣ ≤ 5
3 |Q

n|+ 15b∆t
6∆x + 45a∆t

6(∆x)2
, j = 4, 5, . . . , Nx − 4,∣∣Πn

Nx−3

∣∣ ≤ 16
9 |Qn|+ 48b∆t

18∆x + 144a∆t
18(∆x)2

,
∣∣Πn

Nx−2

∣∣ ≤ 13
6 |Qn|+ 39b∆t

12∆x + 171a∆t
12(∆x)2

,∣∣Πn
Nx−1

∣∣ ≤ |Qn|+ 3b∆t
2∆x + 9a∆t

2(∆x)2
.

(3.2)

From (3.2), we get

∣∣Πn
j

∣∣ ≤ 13

6

∣∣∣∣1 + ρ∆α

4
Xn+1

n

∣∣∣∣+ 15b∆t

4∆x
+

171a∆t

12(∆x)
2 . (3.3)

Since Jαk
n,n+1 = (∆t)(1−αk)

1−αk
and for 0 < ∆t, αk < 1, (∆t)(1−αNα ) > (∆t)(1−αk) and 1

Γ(2−αk)
< 3

2 , we have

∣∣Xn+1
n (x)

∣∣ ≤ 2(∆t)
(1−αNα )

3

(∣∣wn+1
0 (x)

∣∣+ 2

Nα−1∑
k=1

∣∣wn+1
k (x)

∣∣+ ∣∣wn+1
Nα

(x)
∣∣)

≤ 4(∆t)
(1−αNα )

w∗

3
Nα ≤ 4(∆t)

(1−αNα )
w∗

3∆α
. (3.4)

From Equations (3.4) and (3.3), the desired result is confirmed. The second inequality in this lemma is confirmed
according to definition Xn

i . □

Theorem 3.2. Let En
j = unj − Un

j , ∥En∥x,∞ = max
1≤j≤Nx−1

∣∣En
j

∣∣,
ε1 =

(
78(∆x)

2
+ 26ρw∗(∆t)

(1−αNα )
(∆x)

2
+ 135b∆t∆x+ 513a∆t

)
(Nx + 1),

ε2 = (∆x)2
∣∣∣O((∆α)

2
(∆t) + (∆α)(∆t)

2
+ (∆t)

2
+∆t∆x)

∣∣∣ , ε3 = 54ρw∗(∆x)2(∆t)(1−αNα ),

and ξ1 = ε2
ε1
, ξ2 = ε3

ε1
, in this case if nξ1 and ξ2 tends to zeros then ∥En∥x,∞ → 0.

Proof. By substituting (2.11) in (2.5) and (2.9), we obtain

Nx+1∑
j=1

µj(u
n+1)

(
Qn(xm)Bj−3(xm) +

b∆t

2
B′

j−3(xm)− a∆t

2
B′′

j−3(xm)

)

=

Nx+1∑
j=1

µj(u
n)

(
Qn(xm)Bj−3(xm)− b∆t

2
B′

j−3(xm) +
a∆t

2
B′′

j−3(xm)

)

− ρ∆α

4

n−1∑
i=0

V n
i (xm)(ui+1

m − uim)− c∆t+∆tf(xm, tn+ 1
2
)

+O((∆α)2(∆t) + (∆α)(∆t)2 + (∆t)2 +∆t∆x), (3.5)
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and

Nx+1∑
j=1

µj(U
n+1)

(
Qn(xm)Bj−3(xm) +

b∆t

2
B′

j−3(xm)− a∆t

2
B′′

j−3(xm)

)

=

Nx+1∑
j=1

µj(U
n)

(
Qn(xm)Bj−3(xm)− b∆t

2
B′

j−3(xm) +
a∆t

2
B′′

j−3(xm)

)

− ρ∆α

4

n−1∑
i=0

V n
i (xm)(U i+1

m − U i
m)− c∆t+∆tf(xm, tn+ 1

2
). (3.6)

The difference of (3.5) from (3.6) leads to the following result

Nx+1∑
j=1

Πn
j (xm)En+1

j =

Nx+1∑
j=1

Π′n
j (xm)En

j − ρ∆α

4

n−1∑
i=0

V n
i (xm)(Ei+1

m − Ei
m)

+O((∆α)2(∆t) + (∆α)(∆t)2 + (∆t)2 +∆t∆x), (3.7)

where Π′n
j is similar to Πn

j , using Λ′n
j = Qn(xm)Bj−3(xm)− b∆t

2 B′
j−3(xm) + a∆t

2 B′′
j−3(xm) instead of Λn

j is obtained.
From Lemma 3.1, we know that∣∣∣∣∣∣

Nx+1∑
j=1

Πn
j (xm)En+1

j

∣∣∣∣∣∣ ≤
Nx+1∑
j=1

∣∣Πn
j (xm)

∣∣ ∣∣En+1
j

∣∣
≤ (Nx + 1) max

1≤j≤Nx+1

∣∣Πn
j (xm)

∣∣ ∥∥En+1
∥∥
x,∞

≤

(
13

6
+

13

18
ρw∗(∆t)

(1−αNα )
+

15b∆t

4∆x
+

171a∆t

12(∆x)
2

)
(Nx + 1)

∥∥En+1
∥∥
x,∞. (3.8)

Now, we assume that(
13

6
+

13

18
ρw∗(∆t)

(1−αNα )
+

15b∆t

4∆x
+

171a∆t

12(∆x)
2

)
(Nx + 1)

∥∥En+1
∥∥
x,∞

≤

∣∣∣∣∣
Nx+1∑
j=1

Π′n
j (xm)En

j − ρ∆α

4

n−1∑
i=0

V n
i (xm)(Ei+1

m − Ei
m)

+O((∆α)2(∆t) + (∆α)(∆t)2 + (∆t)2 +∆t∆x)

∣∣∣∣∣. (3.9)

From (3.9) and carrying out a process similar to the proof of Lemma 3.1, we have(
13

6
+

13

18
ρw∗(∆t)

(1−αNα )
+

15b∆t

4∆x
+

171a∆t

12(∆x)
2

)
(Nx + 1)

∥∥En+1
∥∥
x,∞

≤

(
13

6
+

13

18
ρw∗(∆t)

(1−αNα )
+

15b∆t

4∆x
+

171a∆t

12(∆x)
2

)
(Nx + 1)∥En∥x,∞

+
ρ∆α

4

(
6w∗(∆t)

(1−αNα )

∆α

)
n−1∑
i=0

∣∣Ei+1
m − Ei

m

∣∣
+
∣∣∣O((∆α)

2
(∆t) + (∆α)(∆t)

2
+ (∆t)

2
+∆t∆x)

∣∣∣ . (3.10)
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Hence,

∥∥En+1
∥∥
x,∞ ≤ ∥En∥x,∞ + ξ2

n−1∑
i=0

(∥∥Ei+1
∥∥
x,∞ +

∥∥Ei
∥∥
x,∞

)
+ ξ1. (3.11)

Since
∥∥E0

∥∥
x,∞ = 0, we have∥∥E1
∥∥
x,∞ ≤ ξ1,

∥∥E2
∥∥
x,∞ ≤ ξ1 (ξ2 + 2) ,

∥∥E3
∥∥
x,∞ ≤ ξ1

(
(ξ2)

2
+ 5ξ2 + 3

)
,∥∥E4

∥∥
x,∞ ≤ ξ1

(
(ξ2)

3
+ 8(ξ2)

2
+ 14ξ2 + 4

)
,∥∥E5

∥∥
x,∞ ≤ ξ1

(
(ξ2)

4
+ 11(ξ2)

3
+ 34(ξ2)

2
+ 30ξ2 + 5

)
, . . . .

In other words,∥∥En+1
∥∥
x,∞ ≤ ξ1

(
n∑

k=1

ak(ξ2)
k
+ n

)
. (3.12)

Then, relation (3.12) concludes what we wanted to show.
□

4. Numerical results

In this section, we study the numerical results of the implementation of the presented method on an example.
The versatility and the accuracy of the proposed method is measured using the Ln

2 and Ln
∞ error norms for the test

problems. The error norms are defined as

L2(t) =

√√√√∆x

Nx∑
m=0

|um(t)− Um(t)|2, L∞(t) = max
0≤m≤Nx

|um(t)− Um(t)| .

Example 4.1. In this example, we consider ρ = 1, xl = 0, xr = π, αl = 0.2, αr = 0.8, r = 0.05, σ = 0.5, ψ(x) = sin(x)
and w(x, t, α) = 0.01 exp(α)xt. The exact solution is assumed to be u(x, t) = (t2 − t + 1) sin(x) and f(x, t) can be
obtained from exact solution.

The norm of errors and the order of convergence for different values of Nx, Nt, and Nα are reported in Table 1.
Also, the numerical solution and its related absolute errors of Example 4.1 are shown in Figure 1.

Table 1. Error norms in Example 4.1 with Nx = Nt = Nα = 50.

t L2(t) L∞(t)

1 1.887022e− 05 1.757039e− 05
2 3.312101e− 05 3.130544e− 05
3 6.725444e− 05 6.533021e− 05
4 1.527224e− 04 1.427221e− 04
5 3.260535e− 04 2.866728e− 04
6 6.116438e− 04 5.175115e− 04
7 1.028845e− 03 8.517188e− 04
8 1.594779e− 03 1.303750e− 03
9 2.325069e− 03 1.885706e− 03
10 3.234265e− 03 2.611468e− 03
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Figure 1. Numerical solution (left) and the absolute errors for all mesh points in Example 4.1 with
Nt = 50, Nx = 50 and Nα = 50.

Example 4.2. In this example, we consider ρ = 1, xl = 0, xr = 1, αl = 0.1, αr = 0.6, r = 0.02, σ = 0.1, ψ(x) = x−x2
and w(x, t, α) = 0.1Γ(1− α)(x+ 1)(t+ 1). The exact solution is assumed to be u(x, t) = (1 + t2)(x− x2) and f(x, t)
can be obtained from exact solution.

The norm of errors and the order of convergence for different values of Nx, Nt and Nα are reported in Table 2.
Also, the numerical solution and its related absolute errors of Example 4.2 are shown in Figure 2.

Table 2. Error norms in Example 4.2 with Nx = Nt = Nα = 50.

t L2(t) L∞(t)

1 6.572882e− 07 1.104885e− 06
2 1.272913e− 06 2.496485e− 06
3 4.732949e− 06 7.050678e− 06
4 1.304282e− 05 1.840373e− 05
5 2.784658e− 05 3.902088e− 05
6 5.112576e− 05 7.152497e− 05
7 8.510130e− 05 1.189414e− 04
8 1.322167e− 04 1.847418e− 04
9 1.951248e− 04 2.724979e− 04
10 2.766686e− 04 3.860744e− 04

5. Conclusion

In this work, we proposed a novel numerical scheme to solve the generalized distributed-order time-fractional Black-
Scholes equation implicitly. Our approach combines finite differences for approximating time derivatives and cubic
B-spline quasi-interpolation for spatial derivatives. Additionally, we investigated the error analysis of the presented
method, demonstrating its effectiveness and accuracy through numerical results.

While our numerical scheme presents a significant advancement in solving the generalized distributed-order time-
fractional Black-Scholes equation, several avenues for further research and unresolved challenges remain. One key
area for future work is exploring alternative types of derivatives. For instance, the local generalized derivative,
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Figure 2. Numerical solution (left) and the absolute errors for all mesh points in Example 4.2 with
Nt = 50, Nx = 50 and Nα = 50.

as discussed in the paper [10], offers a promising avenue for improving the flexibility and robustness of numerical
methods for fractional differential equations. Incorporating such derivatives could enhance the modeling of complex
systems with heterogeneous memory properties and anomalous diffusion processes. Moreover, further investigation is
warranted into the stability and convergence properties of the proposed scheme under various boundaries and initial
conditions. Extending the method to higher-dimensional problems and more complex financial derivatives would
provide a more comprehensive toolset for practical applications. Additionally, the development of adaptive mesh
refinement techniques could enhance the computational efficiency and accuracy of the numerical solutions, particularly
for problems exhibiting sharp gradients or localized phenomena. Another area of potential research is the integration
of machine learning techniques to optimize the parameters and performance of the numerical scheme. By leveraging
data-driven approaches, it may be possible to achieve more accurate and efficient solutions, particularly in cases where
analytical solutions are intractable or unknown. In summary, our work lays the groundwork for future advancements
in the numerical analysis of generalized distributed-order time-fractional differential equations. By addressing the
unresolved challenges and exploring new types of derivatives, such as those highlighted in [10] researchers can further
refine and expand the applicability of these methods to a broader range of complex, real-world problems.
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